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cOOpD: Reformulating COPD classification on chest CT scans as anomaly
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Making use of large, homogenous healthy populations to find diseased cases in
unlabeled datasets via anomaly detection in the representation space
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Discussion & Conclusion

—cOOpD demonstrates superior performance compared to SotA methods for COPD binary classification.
— Leveraging the contrastive latent space outperformed voxel-based classifiers.

—cOOpD performance stays stable compared with supervised methods given limited access to annotated

diseased data.
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